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Abstract
The increasing use of smart home devices affects the privacy
not only of device owners, but also of individuals who did
not choose to deploy them, and may not even be aware of
them. Some smart home devices and systems, especially those
with cameras, can be used for remote surveillance of, for
example, domestic employees. Domestic workers represent
a special case of bystanders’ privacy, due to the blending
of home, work, and care contexts, and employer–employee
power differentials. To examine the experiences, perspectives,
and privacy concerns of domestic workers, we begin with a
case study of nannies and of parents who employ nannies. We
conducted 26 interviews with nannies and 16 with parents.
This paper describes the research agenda, motivation, and
methodology for our study, along with preliminary findings.

1 Introduction

IoT devices are designed to collect data from their whole envi-
ronment. That environment may include the individuals who
chose to deploy the devices, but may also include bystanders—
or surveillance targets—who did not have a choice about them
being deployed, do not have any control over what they collect
and share, and may not even be aware of them. Further, such
devices are embedded in a social and economic context that
may constrain who is more or less likely to be able to make
choices about whether data is being collected about them.

To develop a more comprehensive understanding of IoT
privacy, we are conducting case studies with groups who are
especially likely to interact with IoT devices—particularly
smart home devices—that they do not control. In some cases,
such groups might really be unintended bystanders to data
collection, and, in some cases, they might be explicit targets.

As smart-home technologies become more ubiquitous
[52, 54], using cameras or other devices to keep tabs on do-
mestic workers has moved from being a niche practice to
being quite common, and even to some degree—or in some
places—expected [16, 19, 28]. This integration of surveil-
lance practices carries a complex set of privacy ramifications

for domestic employees or service workers. Furthermore, it
may affect the nature of the individual relationships between
those employees/service workers and their employers/clients,
as well as reflecting or amplifying general socio-economic
dynamics.

Our first case study focuses on nannies, au pairs, and full-
time babysitters. Our decision to begin with this group has
several motivations. First, by analysing employer–employee
relationships, we hope to shed light on the interplay between
socio-economic power differentials and privacy outcomes—
and how we can reduce the effects of those differentials. Sec-
ond, most research on privacy concerns, attitudes, and ex-
pectations focuses either on primary end users of a specific
technology, or else on general public surveillance or track-
ing, where data subjects have no connection to the privacy
decision-makers. Domestic workers present an in-between
case, in that there is direct interaction and some degree of per-
sonal accountability between the primary users who deployed
the device and the bystanders.

Finally, surveillance of nannies takes place within a blended
multi-dimensional context. The devices are installed in a
home, but, for a nanny, that home is also a workplace. In
addition, it is a childcare situation, which may seem to require
a different balance between safety and worker privacy than in
other workplaces.

We explored nannies’ experiences with and perspectives
on smart home devices by conducting qualitative interviews
with 26 nannies, au pairs, and professional babysitters in the
U.S., as well as conducting 16 interviews with parents who
employ nannies or au pairs. Parallel studies are also taking
place in the UK and Germany; these will be discussed in later
work.

2 Related Work

IoT technologies can have differential impacts on privacy
across populations, due to differences in knowledge [e.g.,
4, 23, 47] or because social and political power imbalances
mean data collection reinforces existing discrimination [e.g.,



14, 25, 38, 47]. In particular, such imbalances can play out in
workplace data collection [e.g., 3, 35, 37, 46]—including in
care situations such as nursing homes [e.g., 6, 34].

Specific to smart homes, control of devices may reflect
socio-cultural dynamics in family/household life [18, 29, 30]
or, in the worst case, may be an element in domestic abuse
[e.g., 7, 33].

Preferences and concerns about smart home data collection
vary according to contextual factors [e.g., 1, 17, 20, 31, 32,
39, 40, 42]. Most studies that compared locales found more
sensitivity about data collected in homes than workplaces or
business establishments [e.g., 12, 31, 42] [contra 21]. This
observation raises interesting questions about what happens
when one person’s workplace is another person’s home.

The Theory of Contextual Integrity (CI) [43, 44, 45] argues
that norms about privacy and appropriate information sharing
heavily depend on the context, or social domains, in which the
information is shared, and that privacy violations may occur
when information is reshared in a context different from the
original sharing. Existing work on smart homes within the CI
framework investigates how people’s reasoning about privacy
draws on norms for the home vs. the Internet, finding that
the blending of contexts can give rise to new considerations
with regard to transparency and control [e.g., 1, 8, 36, 58].
CI also provides a lens for examining how competing norms
are resolved in situations involving power imbalances [e.g.,
5, 26, 27, 29, 30].

Bystanders in smart homes, such as visitors or even co-
habitants who did not make the choice to install the devices,
are beginning to receive more research attention [e.g., 60];
[also mentioned in, e.g., 11, 40, 48, 51, 61]. Bystander issues
may interact with family/household dynamics in smart homes,
as mentioned above. In particular, children may be bystanders
to or targets of smart-home devices installed by their parents
[e.g., 50, 55], or of smart toys [2]. Studies have also explored
the reactions of visitors to shared housing, such as AirBnB
rentals [e.g., 41, 53].

A recent survey by the Matahari Center explored Boston
nannies’ experiences with and knowledge about nanny cams
[16]. In contrast, our study focuses on collecting rich qual-
itative data, revealing the nuances of expectations and pref-
erences about a variety of smart devices, including smart
speakers, smart TVs, and domestic security systems as well
as cameras. In addition, we are exploring the opinions of both
nannies and parents, to obtain a holistic view based on the
perspectives of the two main stakeholders.

To our knowledge, ours is the first in-depth study exploring
how smart home surveillance of in-home care workers is
contextualized and negotiated within the employer-employee
relationship.

3 Research Questions

Our overarching research goal is to explore and contextualize
privacy norms, expectations, and preferences of smart-home
bystanders, with reference to the CI framework [43, 44, 45],
and to understand how those norms relate to the power imbal-
ances between the primary users and bystanders.

Our first case study of smart-home bystanders is a two-
side study, of nannies, professional babysitters, and au pairs,
and of parents who employ nannies or au pairs. Our research
questions include:

1. What are nannies’ experiences with—and their privacy
attitudes, expectations, and concerns about—being ob-
served and recorded by smart home devices that they did
not choose to deploy?

2. What are the employers’ (parents’) attitudes about nan-
nies’ privacy with respect to smart home devices?

3. How do employers’ and nannies’ attitudes toward, and
choices about, smart home data collection reflect, rein-
force, or change existing power dynamics in their rela-
tionships?

4. If there are privacy-related conflicts between nannies
and parents, how are those conflicts negotiated?

5. What are the potential points of intervention for repre-
senting nannies’ preferences with respect to data being
collected and shared about them by their employers’ de-
vices?

To examine whether our findings are particular to the U.S.
or are more generalizable, we are also conducting studies
in two European countries, the UK and Germany (the latter
in collaboration with colleagues at Leibniz University Han-
nover). In a later stage of this work, we will compare the three
samples to analyze whether, e.g., differences in sociocultural
norms or legal climate affect the participants’ perspectives.

4 Methodology

For the U.S. portion of the study, with approval from the UC
Berkeley Institutional Review Board (IRB), we designed and
conducted semi-structured interviews with 26 nannies, pro-
fessional babysitters, and au pairs, along with 16 parents who
employ nannies or au pairs, between October and December
2019.

Recruitment. We recruited participants by posting or dis-
tributing flyers locally (e.g., in cafes, colleges, preschools,
schools, playgrounds), posting online (e.g., Reddit, Face-
book groups, email lists), advertising on Prolific,1 and snow-
balling/referrals (see Table 1).

1We used Prolific for the parents’ side only, as we had not gotten enough
potential participants using other methods.



Nannies Parents

Venue N % N %

Social media 18 69% 2 13%
Flyering 6 23% 0 0%
Word of mouth/referral 2 8% 0 0%
Prolific – – 13 81%
Email lists 0 0% 1 6%

Table 1: Participants recruited using each method. All meth-
ods were tried with both target groups, except Prolific.

We included both nannies/au pairs who had experience
working with cameras and/or smart home devices and those
who did not. The parents’ study was smaller, serving as a
cross-check for findings from the nannies’ side. We therefore
only included parents who had cameras they could check
remotely (though not all parent participants used them that
way). When screening potential participants to make sure they
met the criteria for the study, we made sure we did not include
anyone whose employer or nanny also expressed interest (to
ensure participants did not feel constrained in their interview
answers due to confidentiality concerns)—though we did not,
in the end, receive inquiries from any such pairs.2

All nannies who contacted us and met the criteria were
invited to participate. As we received inquiries from more
parents than our target number, we selected participants from
the parent pool by random drawing.

Interviews. We designed the interview guides based on a
review of academic literature on smart home user perspectives
(see §2), as well as by reading content for and from nannies
and other domestic workers, especially online forums (such as
Reddit’s Nanny forum), and content for and from parents who
employ nannies. The UK and Germany portions of the study
used the same interview instruments (modulo translation into
German) and similar procedures. The UK interviews began
first and included a pilot of the instruments; we therefore did
not run a separate pilot for the U.S. study.

The U.S. interviews with nannies generally took one to one
and half hours (though ranging from three quarters of an hour
to two hours and a quarter); most were conducted by phone
or video chat, except two in person. Nanny participants were
compensated $50. After briefly explaining the study and ob-
taining informed consent, we began with warm-up questions
to get some context about how participants view nannying as
a career and their relationships with their employers.

We then asked participants about their experiences with
smart home devices in their employers’ homes, and interac-
tions they had had about those devices. If nannies had not

2Screening scripts, interview protocols, and exit questionnaires can be
found at https://www1.icsi.berkeley.edu/~jbernd/Nannies_Study_
Instruments.pdf.

worked with such devices, or had not experienced a particu-
lar situation, we asked what they would do in hypothetical
scenarios. We also asked about their general expectations,
preferences, and concerns with regard to smart home device
use and disclosure—including under what conditions nannies
who had never worked with such devices would agree to do
so—and what they knew about current legal and technical
protections. The bulk of most interviews was devoted to cam-
eras or similar devices marketed as explicitly for surveillance,
though we also asked a similar series of questions about other
smart home devices, such as smart speakers and smart TVs.

We asked a more condensed set of questions in the inter-
views with parents who employ nannies, focusing on inter-
actions with nannies about devices and their reasoning about
device use and disclosure. Phone or video-call interviews
lasted half to three quarters of an hour; parent participants
were compensated $25.

After the interviews, both nannies and parents completed
exit questionnaires covering demographic information, expe-
rience with technology, details of their job situation (nannies)
or childcare situation (parents), what smart devices they own,
and (for nannies) what smart devices their employers own
(see §5 and Appendix A).

Analysis. As of the time of writing, we are conducting in-
ductive thematic analysis of 25 of the nanny interview tran-
scripts (one was dropped due to language difficulties). Three
coders (the authors) independently coded the same three test
interviews to develop codebooks of common topics and ini-
tial themes. We discussed our codebooks and merged them
by consensus. We then piloted the agreed coding frame on
additional test interviews to make final adjustments. Using
the finalized coding frame, we are splitting the remaining
interviews, with each interview being coded by two coders
(in addition to recoding the test interviews).

Once all interviews are coded, we will review the excerpts
on each topic to refine our analysis of the themes and the
relationships between them. We will then conduct a simi-
lar process with the transcripts of the 16 parent interviews,
so we can compare the analyses and identify any important
connections—or disconnects. In a later stage of the research,
we will compare the findings from the U.S., UK, and Germany
studies, as well as conduct surveys (see §7).

Limitations. The interviews were conducted in English
(and our recruiting materials were all in English). While our
sample included non-native English speakers (see Appendix
A), all participants were at least reasonably comfortable speak-
ing English (other than the excluded nanny interview men-
tioned above). Therefore, our analysis may be unable to cap-
ture issues that are unique to—or at least more severe for—
nannies with limited fluency in English; such issues might
potentially include misunderstandings and effects on power
dynamics.

https://www1.icsi.berkeley.edu/~jbernd/Nannies_Study_Instruments.pdf
https://www1.icsi.berkeley.edu/~jbernd/Nannies_Study_Instruments.pdf


In particular, interviewing in English may mean that our
sample is not representative of the proportion of immigrants
in the nanny workforce; around 28% of nannies in the U.S.
are immigrants [59].3 In addition to the desirability of a rep-
resentative sample, the experiences of immigrants may be of
particular interest due both to the exacerbation of employer-
employee power imbalances and to higher risks arising from
any form of surveillance, especially for undocumented im-
migrants [cf. 22]. In addition to language barriers, undocu-
mented immigrants specifically may be less likely to partic-
ipate in research studies due to enhanced privacy concerns
[e.g., 13, 49].

For the surveys we plan to conduct in the future (see §7),
we will use several languages, and adopt focused strategies to
recruit immigrant participants.

In addition, it is possible that some of our recruitment strate-
gies favored more tech-savvy participants, or (for nannies)
participants whose employers were more likely to have smart
home devices. While some of our online strategies drew from
all over the U.S. (Reddit, Prolific), the city-specific email and
Facebook groups we were approved to post in happened to be
for major tech industry centers—and in-person flyering was
conducted only in the high-tech Bay Area.

Finally, we chose to include only parents who have in-home
surveillance devices in our limited sample, as the parents study
is intended mainly as a cross-check to findings from the nanny
study. However, it is possible there are insights we might miss
from excluding parents who do not have such devices.

5 Participants

Table 2 describes the job situations and some demographic
characteristics of the 25 nannies whose interviews are in-
cluded in the analysis. Most nannies did not live in their
employers’ houses, except for the au pairs. Full details about
demographics, job situations, technology background, and ex-
perience with smart home devices can be found in Appendix
A, along with comparisons to demographic statistics and job
situations for nannies from government and industry data. As
indicated in Appendix A, our sample is representative of the
demographics of nannies and childcare workers in the U.S.

6 Preliminary Findings

In this section, we provide an overview of our high-level
findings. Note that these findings are preliminary and are not
meant to indicate the prevalence, consistency, or reliability of
the observed themes.

3We say ‘may mean’ because we did not ask about immigration status
on the exit questionnaires. For our sample size, the likely scientific benefit—
especially dubious given that undocumented immigrants in particular might
be more likely to skip such a question or answer untruthfully—did not out-
weigh the potential distress to any undocumented participants in deciding
how or whether to answer the question.

Characteristics N %

Age (Range 19–55; Median 30)
≤ 22 3 12%
23–39 17 68%
40–59 5 20%

Gender (participants’ self-descriptors)
Female, Cis-female, F 25 100%

Ethnicity (participants’ self-descriptors)
White, Caucasian 18 72%
Hispanic, Latina, Latinx, Mexican 5 20%
Asian, Indian-from-India 2 8%
No answer 1 4%

Current Position
Nanny 15 60%
Nanny/Household manager 4 16%
Professional babysitter 3 12%
Au pair 2 8%
Other 1 4%

Table 2: Individual characteristics of nanny participants.

The interviews focused mainly on smart home devices
that are designed primarily for surveillance (e.g., home secu-
rity systems, security cameras, Internet-enabled baby mon-
itors, “nanny cams”). Among nanny participants who had
experience with such devices, some believed themselves to
have been the primary targets of data collection, while others
described being bystanders to cameras deployed for other
reasons. Similarly, some of the parent participants we in-
terviewed had gotten cameras specifically to observe their
nannies, while others had them for other reasons. We also
investigated the dynamics around other smart home devices
that use sensors (e.g., for voice commands or presence detec-
tion), such as smart speakers, smart toys, or smart TVs. With
respect to those devices, nannies were generally bystanders
to, rather than targets of, data collection by their employers.

The remainder of this section pertains specifically to find-
ings from our interviews with nannies, au pairs, and profes-
sional babysitters, not the interviews with parents who employ
nannies (which we have not yet begun to analyze).

Expectations and Attitudes About Cameras. Our analy-
sis so far has shown that most of our nanny participants view
the use of cameras in homes where nannies work to be rela-
tively common and—to a certain degree—expected (at least
in the U.S.); most have worked with them. Participants gen-
erally view it as desirable (or even ethically imperative) for
employers to inform nannies about cameras; lack of disclo-
sure may be viewed as a breach of trust, and potentially as
signalling a lack of respect. However, there is more variation
with regard to whether they view it as likely that employers



will actually do so. In addition, participants have a diversity of
expectations about how data might be used, either by their em-
ployers or by device service providers—though many noted
they had not thought much about the latter.

The nannies we interviewed have a broad range of positive
and negative attitudes toward the use of cameras, in general
and within the workplace. However, few expressed views
that were entirely positive or entirely negative. Participants’
attitudes toward and acceptance of cameras are based on many
factors and conditions, which might play off against each other
in a given situation; our interview script was designed in part
to draw out the specifics of such conditions and trade-offs.

For instance, some participants are more concerned about
devices capturing information pertinent to their private lives
or behaviors (e.g., changing clothes, having a private phone
conversation, or activities during leisure time even if those
activities were not privacy-sensitive) than to their professional
childcare activities. Some mentioned that their attitudes have
changed, and over time they have gotten used to smart home
devices and the idea of potential surveillance by their em-
ployers (or by device service providers). However, a few par-
ticipants mentioned that awareness of domestic surveillance
devices also changes the way they do their job (e.g., making
them more self-conscious about and less likely to engage in
singing, joking, or making funny faces to entertain kids).

Some participants also acknowledged the benefits of cam-
eras in providing protection against wrongful accusations or
protecting physical safety (including nannies’ own safety),
and other advantages associated with the primary purpose of
smart home devices (e.g., convenience, entertainment, facilit-
ing communication or childcare duties).

The Importance of Purposes and Intentions. A central
consideration is often the purpose(s) of camera deployment
and data collection, and how employers use the device and
data. At a high level, participants’ views may depend on
whether they believe the primary purpose is to monitor the
nanny or whether the camera is primarily for other purposes,
such as home security or feeling connected with the children.

However, there are many nuances. A nanny who is gener-
ally okay with cameras that are there to check on her might
have a different opinion depending on how exactly that infor-
mation is used (e.g., spot-checks against neglect vs. frequent
critiquing and micromanaging care). Some participants also
expressed concern about whether cameras that were ostensi-
bly installed for home security might actually also be used to
monitor or spy on them; many emphasized the importance of
being transparent about the purpose of a camera.

Participants’ views on cameras also interact with the dy-
namics of their relationships with their employers. In particu-
lar, nannies often framed their concerns about the purposes
and uses of cameras in terms of what those purposes/uses
mean about the relationship. For example, constant checking
of cameras and “micromanagement” based on what employ-

ers observe may be seen as a sign of mistrust or disrespect,
and may therefore engender more resentment.

However, the interaction of attitudes toward cameras with
relationship dynamics can also go the other way, with nannies
making assumptions about camera use based on their overall
impression of their relationship with their employers: being
more willing to assume good intentions behind monitoring in
a relationship that is otherwise good, and vice versa.

Not Being in a Position to Express Preferences. While
nannies often expressed privacy concerns and feelings of
discomfort about surveillance, due to power dynamics, many
said they defer to parents’ decisions about installing smart
home devices, choices about placement, and configuration
of settings. We observed three major ways nannies framed
how power dynamics manifest in their relationships with their
employers. First, working in their employers’ houses, nannies
view parents—as home owners—as having a right (or feeling
they have a right) to protect the safety of their houses, and to
choose what devices to install, where to locate them, and how
to use them in their own houses. (In fact, though location-
tracking devices and phone apps can be used to monitor a
nanny who is out and about with her charges, few of our
participants have had employers who have done so.)

Second, nannies recognize parental prerogatives to install
technologies that can protect their children’s safety, help to
keep tabs on them, and facilitate communication between
parents and children while the parents were not at home.
Third, nannies believe that as their bosses, employers exercise
freedom to set the rules, which nannies, as employees, might
not always feel empowered to oppose or negotiate, due to
job security concerns (e.g., fear of losing a job or receiving
negative references).

In fact, few of the nannies we interviewed who have worked
with cameras have ever discussed any details with their em-
ployers, beyond (usually) being informed of the cameras’
existence. Discussions about data handling or privacy settings
are rare, and few have stipulations about cameras in their
contracts. However, while some nannies said they would like
to have such discussions, or have access to privacy settings,
others are not interested, especially if they have good relation-
ships with their employers and trust that the employers will
act in good faith. Examining the circumstances under which
those conversations do occur—who initiates them, what trig-
gers them, what each party’s goals are, and what compromises
are made—is a major focus of our analysis.

Cameras vs. Other Devices. With regard to other smart-
home devices, such as smart speakers or smart TVs, few of our
participants expressed strong privacy concerns. Many men-
tioned that they view cameras as enabling targeted surveil-
lance, because cameras give their employers the power to
collect and use data about them in ways that impact their
day-to-day job performance, and might even result in job loss.



Employers’ limited access to, say, smart speaker query his-
tory, has little potential to harm the nanny’s job. Meanwhile,
device service providers’ collection and use of the data (from
any device) does not target nannies specifically, and is, for
most of our participants, a secondary concern at best.

7 Future Work

Once we have completed our analysis of the qualitative in-
terviews with nannies and employers of nannies, we plan to
quantify via surveys the prevalence of the themes emerging
from our qualitative work, and to test statistically any ob-
served relationships between those themes, or between themes
and independent variables. For instance, we are interested in
testing whether such factors as demographics, nannies’ career
history, attitudes toward technology and technological self-
efficacy, whether the nanny/au pair lives in the employer’s
house, whether there is a contract, and/or whether nannies
and/or parents have access to an agency’s resources affect
privacy norms, preferences, expectations, or power dynamics.

As part of the broader research program, we plan to in-
vestigate additional case studies focused on other groups of
smart home bystanders, including caregivers for older adults,
housecleaners or in-home maintenance workers, groups or
organizations that hold in-home meetings, and residents of
pre-equipped smart housing.

Finally, we plan to conduct research with designers, de-
velopers, and manufacturers of smart home devices, to un-
derstand the potential differences in mental models, opinions,
norms, and expectations of those who create the devices, those
who own them, and those who play the bystander role [cf.
9, 10, on how designers factor in the experiences of smart
home primary users].

Based on our findings, we plan to develop conversation
guides to facilitate discussion of privacy matters between
smart home device owners and bystanders, and information
materials and recommendations for domestic work force agen-
cies, professional associations, and other relevant entities or
platforms. We will also develop recommendations for policy-
makers for including considerations about bystanders’ privacy
concerns in consumer protection regulations.

Some participants mentioned the role of professional as-
sociations, such as the National Domestic Workers’ Alliance
(NDWA), in alerting domestic employees to laws about
surveillance. We believe that, through industry standards, pro-
fessional associations (e.g., International Nanny Association,
American Caregiver Association, and the National Alliance
for Caregiving, as well as the NDWA) and nanny agencies can
take concrete steps to protect the privacy rights of smart home
bystanders in specific groups of care and domestic workers.
They can also—through the results of their experiments and
experiences—set the example for other sectors, domains, and
contexts, for industry self-regulation, as well as for general
regulatory policy.

8 Conclusion

The research described here seeks to examine how the grow-
ing use of smart home and other IoT devices affects the pri-
vacy of bystanders and other non–primary users, to discover
potential points of intervention for improving non–primary
user privacy. Investigating the needs and practices of different
user groups with regard to smart home devices helps us to
untangle the specific ways in which both primary users and
bystanders to (or targets of) smart home data collection reason
about the privacy implications of their own and each other’s
choices, given the asymmetries of knowledge and control in-
volved. Results from this research can feed into interventions
in product design, policy, and employer-employee interac-
tions, in order to achieve more privacy-respecting outcomes.

To explore the experiences, perspectives, and privacy con-
cerns of domestic workers with regard to smart home devices,
we conducted 26 interviews with nannies and 16 with par-
ents who employ nannies. We focused mainly on devices
designed primarily for home surveillance (e.g., security cam-
eras). We found that some nannies perceived themselves as
the primary targets of data collection by their employers who
deployed cameras, while others described themselves as being
bystanders to cameras.

Our preliminary findings, based on initial analysis, show
that most nanny participants expect that houses they work in
may have cameras, and some acknowledged the benefits of
cameras. However, most participants want their employers to
inform them about the existence, location, and purpose(s) of
cameras; nannies view lack of disclosure as a sign of disre-
spect. Further, we noticed that nannies’ perceptions of parents’
intentions in deploying a smart home device strongly influ-
ence how the nannies feel about the device. Some nannies
expressed more concern about devices collecting data about
private rather than professional activities.

Although nanny participants often expressed privacy con-
cerns and feelings of discomfort about surveillance, many
mentioned that, due to power dynamics, they accept their
employers’ decisions to install cameras and how employers
configure privacy settings. This power dynamic may explain—
in part—why many of the nannies we interviewed have never
discussed with their employers any details of how cameras or
other devices collect, handle, and process data.
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A Detailed Participant Characteristics

The data in Tables 3–6, covering demographics, job position and experience as a nanny, experience with technology, and
exposure to devices, was collected via exit questionnaires after the interviews with our nanny participants. (Not including the
participant dropped from analysis due to language difficulties.) While our sample is not demographically representative of the
U.S. population as a whole (especially with respect to gender), we include in Table 3 data for nannies specifically, to show that
our sample is closer to representing the target group.

Sources for Comparison Data. Tables 3 and 4 include statistics from the following sources, for comparison:

EPI Report: A report by the Economic Policy Institute (EPI) on the demographics and economic status of domestic workers
in the U.S. [59], based on analysis of projection data from the Current Population Survey (CPS) conducted by the U.S.
Census Bureau and U.S. Bureau of Labor Statistics (2017–2019 combined estimates) [15, 57]. Note that the CPS counts
Hispanic/Non-Hispanic ethnicity separately from race, so EPI derives the ethnicity groupings we refer to in Table 3 (which
parallel our participants’ self-descriptors) by regrouping everyone of Hispanic ethnicity together, rather than using their race
identifications.

INA Survey: The International Nanny Association’s (INA’s) 2017 survey of members [24] (N=1927). This survey was conducted
internationally; however, 95% of the respondents were from the U.S., so we view it as providing a fair comparison.



Study Participants EPI Report INA Survey

Demographic Characteristics N % % %

Age (Range 19–55)
≤ 22 3 12% 36%
23–39 17 68% 37%
40–59 5 20% 20%
Median 30 26

Gender (participants’ self-descriptors)
Female, Cis-female, F 25 100% 97% 97%

Ethnicity (participants’ self-descriptors)
White, Caucasian 18 72% 65%
Hispanic, Latina, Latinx, Mexican 5 20% 24%
Asian, Indian-from-India 2 8% 3%
No answer 1 4% –

Educational Attainment
High school 1 4% 31% 11%
Associate’s/Some college 9 36% 33% 54%
Bachelor’s 14 56% 18% 28%
Graduate degree 1 4% 4% 5%

Language Used with Friends and Family
Mainly English 20 80%
English and Spanish (about equally) 3 12%
English and Gujarati (about equally) 1 4%
Mainly Spanish 1 4%

Region of City of Employment
West 16 64% 26%
Northeast 4 16% 20%
South 3 12% 32%
Midwest 2 8% 22%

Table 3: Demographics of nanny participants, with comparisons to statistics from an Economic Policy Institute report based
on projection data from the the U.S. Current Population Survey [59], and to International Nanny Association statistics from an
international survey [24]. (INA percentages are out of participants who answered a given question. EPI percentages and INA
percentages may not add up to 100% due to rounding or due to additional categories/ranges beyond what we found.)



Study Participants INA Survey

Job/Career Characteristics N % %

Current (Main) Position
Nanny 15 60% 57%
Nanny/Household manager 4 16% 42%
Professional babysitter 3 12% N/A
Au pair 2 8% < 1%
Other 1 4% 1%

Current Employment Type as Nanny/Au Pair/Babysitter*
Full-time 16 64% 77%
Part-time (with another job) 5 20% –
Part-time (also a student) 2 8% –
Part-time (no other job/not a student) 1 4% –
No answer 1 4% –
All part-time – – 23%

Time Working for Current Employer
< 1 year 11 44% 39%
1–2 years 7 28% 40%
3–5 years 3 12% 12%
No answer 5 20% –

Time in Nanny Career
< 2 years 3 12% 7%
2–4 years 4 16% 22%
5–9 years 6 24% 32%
≥ 10 years 12 48% 40%

Number of Families Participant Has Worked For (Past & present)
1 family 2 8%
2–3 families 6 24%
4–7 families 7 28%
8+ families 10 40%

Plans to Continue Nannying
As a career 13 52%
As a short-term thing 6 24%
Not sure 5 20%
No answer 1 4%

Table 4: Job situations and career trajectories of nanny participants, with comparisons to International Nanny Association survey
statistics [24]. (INA percentages are out of participants who answered a given question. INA percentages may not add up to
100% due to rounding or due to additional categories/ranges beyond what we found.)
* The EPI report projects 52% of U.S. nannies are full-time and 48% are part-time [59].



Technology Experience N %

Technology Background (Positive answers, per question)
Worked in a computer engineering or IT job position 2 8%
Majored/minored in computer science or computer engineering 0 0%
Has written a computer program 0 0%

How Often Participant Is Asked for Advice About Computers or Technology
Rarely 8 32%
Sometimes 14 56%
Frequently 3 12%

Table 5: Technology experience and knowledge of nanny participants. Questions borrowed with modifications from Tan et al.
2017 [56].

Employers’ Home(s) Own Home

Current Device Exposure N % N %

Security camera(s) 16 67% 5 20%
Full security/alarm system 12 50% 3 12%
Individual spy cameras/nanny cams 12 50% 0 0%
Audio security monitoring system 3 13% 0 0%
Video or A/V baby monitor(s) (any type) 18 75% 1 4%
Audio-only baby monitor(s) (any type) 6 25% 0 0%
Smart TV(s)/streaming box(es)/smart home entertainment system(s) 13 54% 9 36%
Smart speaker/home assistant (with or without screen) 16 67% 6 24%
Smart speaker/home assistant with camera 1 4% 1 4%
Smart lock(s)/door(s) 7 29% 3 12%
Smart lights 8 33% 3 12%
Smart thermostat 8 33% 1 4%
Smart toy(s) 8 33% 1 4%

Table 6: Number and percentage of nanny participants whose employer(s) has/have certain smart devices in their home(s) (N=24)
and who have smart devices in their own home (N=25). (One participant answered only about the latter.) Answers for “Other
smart devices” were recategorized by the authors as all belonging to existing categories.
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